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wlll Introduction l||

e Large Language Models (LLMs) often produce hallucinated
responses.

e Retrieval-Augmented Generation (RAG) improves factual
grounding.

e Agentic RAG extends RAG using planning and multi-step
reasoning.

e However, many systems rely on predefined orchestration
strategies.

e This motivates a systematic comparative evaluation.



& Background : Agentic-RAG 7//

e Generator (LLM) Hallucination

Key Components \ \\ Key Goals
e Retriever s s e High Accuracy
e Knowledge Base \ \ * Strong
(Vector Store) \ \ Performance
\ \ e Reduced
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Literature Review

Surveyed Methodologies Benchmarks Referenced
e Traditional Agentic RAG e HotpotQA
e Goal-Oriented Agentic RAG e Natural Questions
e Graph-Based RAG e MS MARCO
e Hierarchical RAG e Domain-Specific Industrial
e Capability-Centric RAG Knowledge Bases

e Adaptive & Corrective RAG e Enterprise Knowledge Bases
e Domain-Specific RAG

e Unified Domain Agent Stack




Problem Statement

Existing Agentic RAG frameworks rely on predefined or rule-based
control strategies limiting their adaptability, scalability, and dynamic
optimization in multi / complex retrieval task

————— There is a need of a framework that adapts or learns based on -----
query input/ performance
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Proposed Methodology

To perform a Comparative Analysis of existing Agentic-RAG
Methodologies.

ldentify the key limitations and challenges faced by each
methodology.

Propose a framework on how to counter some of these
limitations through a research / survey paper.

CORE GOAL : - Write a Survey / Research Paper based on

all findings



TIMELINE

L L L L
[1] [2] [3] [4] FINAL ACT
Review Survey Perform 3 Identiifv K
. y Key Propose a
/ Research Compargtlve Limitations / framework to ke sl
Papers Analysis Challenges solve a

challenge




NS AL NN L ONE TGN N E N NS NN N NS N /0 N TN N LT N/ BN/ NS/ CONC LN/ N BN BN N s N/
INCTARNE AN /AN /NS ENC YNNG\ AN AN /N N AN NS N AN NS X

OBJECTIVES
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Reduced reliance Drafted

on predefined survey paper
rules

Proposed conceptual solution

\ 4 \ 4

Foundation for future
experimental
validation

Defined research
gap
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mllv Result 4”*

LIMITATION DESCRIPTION

Agentic architectures significantly increase computational
complexity, limiting deployment in large-scale systems.

While adaptive and RL-based approaches show promise, stable
and efficient policy learning remains underexplored.

There is no unified benchmarking methodology for measuring

agentic autonomy, goal completion, and hallucination control
across architectures.
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